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Meta HaBYAJIBHOI IMCUMIJIIHU: O3HAHOMUTH CTYJICHTIB 13 CY4aCHUM CTAaHOM
0o0poOKM MacuBIB JaHUX, OCHOBHUMH 3amadamu DataMining, ix 0a3oBuMH
KOMITOHEHTaMH1, METOJIaMH, III0 3aCTOCOBYIOTHCS MPHU OOpOOIll JaHWX, METOJIaMU
BUKOpHUCTaHHA 010110Tek MoBH Python amnst po3s's3anns 3amau ramxysi DataMining,
HABUUTH CTYJICHTIB PO3B’SI3yBaTH MPHKJIAIHI 3a7a4l 0OpOOKH Ta aHaJI3y JaHHX
P13HOT PO3MIPHOCTI 3 BUKOPHUCTAHHIM KOMIT FOTEPHUX TEXHOJIOT1H.

HapuyanpHa pAucHuIuiiHa mnpuU3HAY€HA JUIsi O3HAWOMIIEHHS CTYIEHTIB 3
OCHOBHUMH TEOPETUUHUMH Ta MPAKTUYHUMHU acleKTaMu 0OpOoOKM MacHBIB IaHHUX,
1HTeNIeKTyajqpHoro aHajmizy pganux (DataMining) 3a J0MOMOIO0  IIHPOKO
pO3MOBCIOMKeHNX 010moTek MoBu Python.

IIpepexBizutu. HaBuaneni guctumiinu: “Teopiss HMoOBIpHOCTEH Ta
MaTeMaThyHa cTaTuctuka”, “bi0imoreku moBu Python™.

HocrpekBizurtn. HaOyTi KoMmMIeTeHIli MOXHAa BUKOPHUCTOBYBATU IIPH
MIATOTOBILI KBadi(ikaliiHUX poOIT Ta BHUBYEHHI HaBualbHMX auciuruiin OI1
"Komn'"toTepHi HayKuM Ta TMPOEKTYBaHHS MNPOrpaMHUX CHUCTeM'" (Marictp):
"[lITyynuii iHTENEKT Ta aHanmiTuKa BigData".

Pe3yabTarn HaBYaHHSA. Y pe3yJibTaTi BUBYCHHS HABYAIBHOI JUCHUIUIIHU
CTYJICHT TOBUHEH

3HATHM: TIPEIMETHY 00J1acTh, OCHOBHI 3ajadi raiy3i DataMining; metoau Ta
3aco0u 0OpoOKM Ta aHaJI3y JaHUX 3 BUKOPUCTaHHsM 010:110Tek MoBH Python,

BMITH: 3aCTOCOBYBaTH 010;110Teku MOBU Python jutst po3B’si3aHHS IPUKIIATHUX
3a/1a4 0OpoOKH Ta aHaJi3y JaHUX PI13HOI PO3MIPHOCTI.

Hucrurutina ¢popMye Taki KOMIETeHUil y BIIMOBITHOCTI 10 CTaHAAPTy BUIIO]
ocBiTH [1] Ta OCBITHBOI IpOTpPaAMHU:

3K2. 31aTHICTh 3aCTOCOBYBATH 3HAHHSA Y MPAKTUYHUX CUTYAIIsX.

3K6. 31aTHICTh BUUTHUCS 1 OBOJIO/IIBATH CYYACHUMU 3HAHHSIMU.

3K7. 3naTHicTh 0 MOIIyKYy, OOpoOJeHHs Ta aHamizy iH(opmarii 3 pi3HUX
ToKeped.

3K11. 3patHicTh NpuiiMaTi OOTPYHTOBAH1 PIILICHHS.

®K3. 3aaTHICTh A0 JIOTIYHOTO MUCJEHHS, MOOYAOBU JIOTTYHUX BHCHOBKIB,
BUKOPUCTaHHSA (OpMAJIbHUX MOB 1 MOJCIEH aJIrOpUTMIYHUX OOYHCIICHD,
IPOEKTYBaHHS, PO3POOJICHHS ¥ aHATI3y aJITOPUTMIB, OIIHIOBAHHS iX e(EeKTUBHOCTI
Ta CKJIAQJHOCTI, PO3B’S3HOCTI Ta HEPO3B’S3HOCTI AJITOPUTMIYHHMX MPOOJIeM s
aJICKBaTHOTO MOJICTIOBAHHS TMPEAMETHUX 00JIacTel 1 CTBOPEHHS MPOTPAMHHX Ta
1H(MOPMAITIHHUX CHCTEM.

®K11. 3xaTHICTh A0 1HTENEKTYaJIbHOIO aHaNi3y JAaHUX HAa OCHOBI METO[IIB
O0OYHUCITIOBAILHOTO 1HTEJIEKTY BKJIIOYHO 3 BEJIMKUMU Ta MOTAHO CTPYKTYPOBAaHUMHU
JaHUMHM, IXHbOI OmepaTuBHOI OOpOOKM Ta Bi3yaii3alli pe3yibTaTiB aHami3y B
MpoIieci po3B’A3yBaHHS MPUKIAAHUX 3a/1a4.



HaBeneni  pe3ynpTaTd  HaBYaHHA 32  BIAMOBIMHOKO  JTUCIUILIIIHOIO
CHIBBIAHOCATHCS 13 TAKUMH MPOTrPAMHHUMHM Pe3yJbTaTaMH HABYAHHSI:

ITPHY. Po3pobmsit mporpaMHi MOJENi MPEeIMETHUX CEPeOBHIL, BUOUpATH
napajurMy MporpaMyBaHHS 3 TO3MIIN 3pYYHOCTI Ta SKOCTI 3aCTOCYBaHHS JUIs
peajizaliii METO/I1B Ta aJITOPUTMIB PO3B’I3aHHS 3a/1a4 B TaJTy31 KOMIT FOTEPHUX HayK.

ITPH12. 3acTocoByBaT METOJIM Ta AITOPUTMH OOUYUCITIOBAILHOTO 1HTEIIEKTY
Ta IHTEJICKTyaJlbHOTO aHalli3y JaHMX B 3ajayax Kiacudikarlii, TporHO3yBaHHS,
KJIACTEPHOTO aHali3y, TOIIyKYy acOlIaTUBHUX TMPaBWI 3 BUKOPUCTAHHSIM
MPOrpaMHMX 1HCTPYMEHTIB MIATPUMKH OaraTOBUMIPHOIO aHATI3y JJaHUX Ha OCHOBI
texHoJori DataMining, TextMining, WebMining.

Onuc HABYAJBHOI JUCIHHUILTIHHA

3araabHa iHgopmanin

Haszpa naByanbHoI qucnumiinu: ""DataMining 3 Buxopucranusm moBu Python”

KinekicTs Kinekicts roany
= <
2 I -
8 & = k> £ Lg E = . A
®opma S 3 i 5 35 3 & | § g mincymko
. o =
HaBYaHHS .E 3 KPEAMTIB | TOIUH g £ S | E Ef = BOTrO
2 © S| &| 5| 8| E| E & xourpomo
o — = [0 < ) =
A~ © = s | B
<
Q
Jenna 4 7 3.0 90 30 | — - 130 ] 30 | — 3aUTIK
3aouHa
CTpyKTYypHHMi 3MiCT HABYAJbHOI JUCHHUILIIHA
Kinekicts roguna
HazBu 3micToBux neHHa hopma 3aouna dhopma
MOJYJIB 1 TeM TOMY YUCJI TOMY YHUCIII
Y yChOTO Y YA yChOTO Y y
n | o |mab | iHa | c.p. n| n | nab | iHxa | c.p.
1 2 3 |4 5 6 7 8 9110] 11 | 12 | 13
TeMu JeKuiiiHUX . .
3micToBuii MmoayJs 1.
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aHal3 JaHuX
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3acobamu Python.
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Bi3yasizamii




pe3yJbTaTiB
aHai3y JaHUX
MIPOrpaMHUMU
3acobamu Python.

Tema 3. Meroau
Ta 3acodu
CTaTUCTHYHOTO 15 5 |- 5 - 5
aHayizy JaHuX y
6i0motemni SciPy.

Pa3zom 3a
3MICTOBUM 45 5 |- 15 -] 15
MoayJiem 1
Temu JekuiiiHuX 3MmicToBHII MOaYIb 2.
3aHATH

Tewma 4. JIiniiini
MOJIEII B 3a7a4ax
IHTEJICKTYaIbHOTO

aHaTi3y JaHUX.

15 S | -] 5 — 5

Tema 5. Metonu
BU3HAUYCHHS

SIKOCTI 15 5 |- 5 - 5

MaTeMaTHYHUX
MOJIEJIEN.

Tema 6.
Amncamo0eBi
MaTeMaTHYHI

MOJENI.

15 5 |—| 5 -1 5

Pa3zom 3a 3M 2 45 15 | -] 15| — 15

Ycnoro roinH 90 30 | —| 30 — | 30

TemaTnka JieKHIHUX 3aHATH 3 MEPeTiKOM MUTAHb

No Ha3Ba Temu 3 OCHOBHUMHM IIMTaHHSIMU

1 |MaremaTnyHe MOJENIOBaHHS Ta aHali3 JaHUX MPOTPAMHUMH 3aco0aMu
Python  (NumPy, Matplotlib). Hapuanpni HaGopu  gaHux i
IHTEJICKTYAJIbBHOTO aHaTI3y JaHUX.

2 Metoau Ta 3acobu Bisyamiamii pe3yabTaTiB aHANI3y JAHUX MPOTPAMHHUMH
3acobamu Python (Matplotlib, Plotly). Excrnoparniiinuii anamiz aaHuX.
OO6poOKa Ta MiAroTOBKA JAHHUX.

3 |Meroau Ta 3aco0M CTATHCTHYHOTO aHATi3y AaHUX y Oibmioremi SciPy.
MonemoBanHs kiacudikaiii. MonemtoBanns perpecii. Knacrepauit ananis.
BukopucTaHHs aITOPUTMIB aCOIIATUBHOTO aHAJII3Y.

4 Bukopucranns 6i6miorek  Scikit-learn, TensorFlow Ta PyTorch s
CTBOPDCHHS Ta HaBYaHHS HEUPOHHUX MeEpeX. BHKOpHCTaHHS METO/IIB
00pOOKM TEKCTIB AJIA aHAI3y Ta Kiacudikauii qokymeHTiB. JIiHiiHI MoJeni B
3a/1auax 1HTEJIEKTYaJbHOTO aHAI3y JIaHUX.

V)

MeToay BU3HAYEHHS SIKOCT1I MATEMATHUYHUX MOJIEIEHN.

6 |AncaM0ieBi MaTeMaTHUYHi MOJIEITI.




Martepianu 10 KOXKHOI JIEKIii HAaBEIEHO Ha CaWTl E€JNIEKTPOHHOIO HABYaHHS Ha
cTopiHi Kypcy https://moodle.chnu.edu.ua/course/view.php?id=7576 ta y poboTi

12].

TemaTnka J1a00paTOPHUX 3aHATH 3 MEPETIKOM NUTAHD

No HasBa Temu (3aBaaHHs)

1 3acobu peanizallli MaTeMaTHYHOTO MOJICIIOBAHHS Ta aHAIII3Y JIaHUX
DataMining (NumPy, SciPy, Pandas).

2 Meroxu Ta 3aco6u Bizyani3anii pe3yapTaTiB aHamizy Aanux (Matplotlib,
Pandas, Plotly).

3 3acTOCyBaHHS CTATUCTUYHUX METOJIIB Ta 3aC001B B 3a/1aUax aHAII3y
nanux (NumPy, SciPy).

4 |BukopucTaHHs TiHiiHMX MojeNneil B 3a1a4aX iHTEIEKTyalbHOTO aHANi3Y
nanux (Scikit-learn).

5 PBacTtocyBaHHsS METOJiB BU3HAUEHHS AKOCTI MOjieflel B 3a1auax
iHTeJIeKTyalIbHOTO aHamizy ganux (Scikit-learn, Metrics).

6  |BuxopucTanHs aHcaMOIEeBMX MaTeMATHUHUX MOJIEJIeH y 3a1a4ax
IHTEJIEKTyaJIbHOTO aHam3y ganux (Scikit-learn).

Marepianu 10 BUKOHAHHS JJAOOPATOPHUX POOIT HaBEIECHO HA CalTI €JIEKTPOHHOTO
HaBYaHHS HA CTOPIHII Kypcy https://moodle.chnu.edu.ua/course/view.php?1d=7576
Ta'y po0oTi [2].

InauBinyaabHi HaykoBo-Ao0caiaHi 3aBaanus (IHI3)

No 3aBaa”HHA OO TEM

1 CTyneHT MOKe I1HIMBIAyaJIbHO BHKOHYBAaTH JIOJATKOBI 3aBJIaHHS
HaBYAJIbHO-JIOCITITHUITLKOI CIIPSIMOBAHOCTI 3a 3aBIaHHSIMH, HaJIaHHUMU
BUKJIaJa4YEM.

2

Ctynentd MoxyTh oTpumaTtu 1o 10 GamiB B paxynok IH/I3, sxmio
CaMOCTIHHO 3apeeCTPyrOThCSl Ha OE3KOLITOBHUX Kypcax Iuiatdopmu
Prometheus a6o mmatdopmu Coursera 3 DataMining (3a momnepeaHim
Y3rOJDKEHHSIM TEMAaTUKH KypCiB 3 BHUKIIAJadeM), MPOMAYyTh HAaBUYAHHS,
OTPUMAIOTh BIAMOBITHUN cepTU(dIKAT 1 HATIUIIOTh HOro Ha CauT
NTUCTAHIIIMHOTO HABUaHHS BUKIAAady pa3oM 3 JCTAIbHUM 3BITOM 3
NPaKTHYHUX 3aBJIaHb MPOWIEHOTO Kypcy (TIOCTAaHOBKM 3aaad, KOMAH
BUKOHAHMX MPOTpaM, MOSCHEHHS KOAY) Ta CKPIHIIOTOM YCHIIIHOCTI Ha|
kypci. KinbkicTe OaniB Oyie BUCTaBlI€HAa MPONOPLIMHO 10 HABYAIbHUX
pe3yJIbTaTIB CTyJeHTa (3riAHO 31 CTAaTUCTUKOIO caiita Prometheus a6o

Coursera).

* THJ3 — a1t 3M1CTOBOTO MOAYJIs, a0 B LIJIOMY JIJIsl HABYAIBHOI JUCIUILIIHUA
BU3HAYAETHCS BUKJIAaueM, 3 YpaxyBaHHSIM CHEIU(DIKU AUCIUILTIHU.



https://moodle.chnu.edu.ua/course/view.php?id=7576
https://moodle.chnu.edu.ua/course/view.php?id=7576

3aBaaHHA ISl CAMOCTIHHOI pOOOTH CTY/JAEHTIB

CamocrTiitHa po0OoTa CKJIaJa€ThCsl 3 TMOBTOPEHHS MaTtepialy, 3aCBOEHOTO Ha
JICKIIIsIX, CAMOCTIHHOTO OTIaHYBaHHS YaCTHHH TEOPETUIHOTO MaTepiainy, poOooTH 3
KOHTPOJbHUMH 3alTUTAHHSIMU Ta 3aBIaHHSIMH.

Ne | Ha3zga 3aBaaHHs AJI1 CAMOCTIHHOI poO0TH K-c1pb
TEMH TOJI.
1 | Temu 1-6 fminroroBka g0 JEKIIHHAX 3aHSTDH 10
2 | Temu 1-6 |mixroToBka 10 7a60PATOPHHX 3aHSTh 15
3 | Temu 1-6 |miaroToBKa A0 MiJICYMKOBOT'O MOJTYJIb-KOHTPOJIIO 5

Omnmuc 3aBaaHb CAMOCTIHHOI pO0OTH 1151 JIA0OPATOPHUX 3aHATH

Jlo JIP 1 (2 rox.)

3aBnanns 1. Bizyasaizanis Ta 1oc/iaKeHHss HA00py TaHUX

Omnuc:
Bubepith my0s114uHO AOoCTyNHUM TabinuHuil HaOip nanux (Hanpukian, 13 Kaggle).
Buxopucroyroun 616;mo0tekn NumPy, Matplotlib Ta Pandas, Bukonaiite:

1. 3uuTyBaHHs, nonepeaHI0 0OpOoOKyY (HANIPUKIIAI, MPOMYIIEH] 3HAYECHHS, TUTU
3MIHHHX ).

2. Bizyanmizarii: po3mo/ii 3MIHHUX, KOPEJIAlLlii, FiCTOrpaMu, JiarpaMmu
PO3CISTHHSL.

3. Hanumrite kopoTkuii 3BIT (1—2 CTOPIHKHK): 11O I[IKABOTO B IAHUX, 5Kl
3aKOHOMIPHOCTI MTOOAYMIIH.

PexomennoBaHi Ha0opu TaHUX:

« Ha Kaggle — «Find Open Datasets and Machine Learning Projects».

(Kaggle)
o IHmMI BapiaHT: BUKOPUCTOBYBATH HAOIp 13 PEMO3UTOPIIO K MPUKIIAI.

IMopanu:

o OO0epiTh HAOIP 13 HE TYKE BEIUKOIO KUIbKiCTIO 3anuciB (10 10 000) — 11e
MOJIETIIUTH POOOTY.

« Bizyanizauii opopmisiiTe mianucamu, J€reH aMH.

o 3BIT — KOpPOTKHii, aKIICHT Ha BAIIMX BUCHOBKAX, a HE MPOCTO CKPiHU
rpadikis.

Jlo JIP 2 (2 roxa.)



https://www.kaggle.com/datasets?search=text+classification&utm_source=chatgpt.com

3aBaanns 2. Excruiopauiiinuii aHaJis i miaroroBka q1anmx

Onmnuc:

Bi3pMiTh Habip JaHUX 13 KIJTbKOMA TUTIAMH 3MIHHUX (YHCIIOBI + KaTeropiaibHi).
Bukopucrosyroun Plotly (a6o komOinyrouu 3 Matplotlib) 3po6iTh iHTEepaKkTHBHI
Bi3yasizailii (Hampukiaj, KOpoOKOBI JilarpamMu, TiCTOTpaMH 3a KaTeropisMH,
heatmap xopesiiif). [Tonepeaabo MPoOBEIITh:

o KOJYBaHHS KaTeropianbHUX 3MiHHUX (one-hot, label encoding)
o 3alOBHEHHS a00 BUAAJICHHS IMPONYIICHUX 3HAYCHD
e MacmTa0yBaHHS YHCIIOBUX 3MIHHHX (32 TOTpeOn).

Hamumnite ko1, 1o poouTts yce 11e, 1 MAroTyiHTe KOPOTKUM 3BIT: SIKi
TpaHchopmailii 3po0eHi, sIK 3SMIHWIKCH PO3IOALIHA 3MIHHUX, 110 MOYKHA JaJll
aHai3yBaTH.

Mopaanu:

o OO0epiTh HAOIP 13 KUTBKOMA KaTeropiaJibHUMHU 3MIHHUMH (11100
NPAaKTUKYBaTU KOJYBAaHHS).

o 30epexiTh pe3yabTaT mAroToBky (Hanpuknaa, y CSV), mob itoro
BUKOPUCTOBYBATH AAJIl.

o Buxkopucranns Plotly nae 3mory ctyaeHTy 03HallOMUTHUCH 13
IHTEPaKTUBHICTIO, 1110 MIABUIIYE SKICTh POOOTH.

Jlo JIP 3 (3 roxa.)

3apaanns 3. CraTuCTHYHUI aHAJI3 | Kiacu(ikauis / perpecis

Onuc:
Bubepith Habip nanux ans 3anadi kinacudikaiii abo perpecii. BukopuctoByroun
SciPy it/abo scikit-learn peanizyiire:

e OIHMCOBY CTAaTUCTUKY (mean, median, cTaHIapTHE BIAXUIICHHS)

e TEpeBIpKY rinote3 (Hanpukiam, t-tecT un ANOVA njist kaTeropialibHUX
rpym)

o noOyaoBy Mojeli kiacudikaiii abo perpecii (Hampukiia, JOriCTUYHA
perpecis, JiHlliHa perpecis)

 OIIiHIOBaHHA MoJieni (accuracy, confusion matrix, R? Tormio)

e aHaJI3 BAXJIMBOCTI 3MIHHUX, IHTEPIIPETAIIIO PE3YIbTATIB.

PexomenagoBaHi TeMu:

o Jna xnacudikanii: Habip TEKCTY YU YUCIOBUX >2 KJIAaciB
o Jlnsa perpecii: HaOip 13 YUCIOBOIO IIJILOBOIO 3MIHHOIO

IMopanu:



o JIOKyMeHTyMTe: SIK B 0OMpaIl MOJENb, sIK1 Iepeo0poOKH poOHIn.

o [IlokaxiTh, Ki 3MiHHI BaXJIMBI, Y4 MAIOTh CEHC, YU MTOTPEOYIOThH
TpaHchopmariii.

o Jlomaiite rpadiku po3MoAiiB, 3aJUIIKIB (715 perpecii) abo MaTpuIlio
IOMUJIOK.

Jlo JIP 4 (3 roxa.)

3aBnannda 4. Kinacrepuuid anaJji3 i acouiaTuBHUI aHATI3

Omnuc:
BuxopucroByroun Ha01p 0€3 MideHHX KJ1aciB (200 3 HEBEIMKOIO KUJIBKICTIO
MIUE€HHX ) 3aCTOCYUTE:

o Kuacrepuzariito (Hanpukiaa, anroputm k-means clustering, iepapxiyna,
DBSCAN) 3a nonomoroto scikit-learn. Jlokymentyiite BuOip KiIbKOCTI
KJIacTepiB, Bi3yalizyiTe kiactepu (3a nonomoroto 2D/3D rpadikis). (scikit-
learn.org)

o AcomiaTuBHUH aHalI3: peani3yiTe anroputMm «Association Rules»
(mampukiiaz, 616;morexa mlxtend) Ha TUCKPETU30BAaHUX 3MIHHUX a00
TpaH3aKUIHHOMY Ha0Opi1 NaHuX. [HTepnpeTyiiTe mpaBuia: NiATPUMKA,
JOCTOBIPHICTb.

PexomengoBaHi 1ani:

o Penosutopiii 3 Habopamu s knactepusanii: “Clustering-Datasets” Ha
GitHub. (GitHub)

o BuxopucTtaTu npukiiaay 3 HaBYaJIbLHUX MaTepiajiB, Hanpukiam, Iris, Wine,
ajie Kpaiie — OuTbIl peanbHuid HaO1p 13 500+ crocTepekeHb.

Mopanu:

o Jlns xnmacTepusarii: 000B’SI3KOBO CTaHAAPTU3YUTE YUCIOBI 3MIHHI.

o Jlns acowiaTuBHOrO aHani3y: NOKaXiTh, SIKI TpaBUjia BU OTPUMAJIH, YU
MaloTh BOHU O13HEC-CMHCIT (UM HAYKOBHIA).

« IlopiBHsiiTe KIIBKICTh KJIACTEPIB, CIPOOYHTE KIJIbKA MM1IXO/1B.

Jlo JIP 5 (2 roxa.)

3aBaanns 5. O0poOka TekcTiB: KiIacu(pikauis JOKyMeHTIB

Onuc:
Bi3bMiTh my0Ii9HO JOCTYMTHUN TEKCTOBUN HAOIp MaHUX (HAPUKIIAJ, PEIeH3Ii,
HOBUWHHI cTaTTl). BukopucroByroun Python:


https://scikit-learn.org/stable/modules/clustering.html?utm_source=chatgpt.com
https://scikit-learn.org/stable/modules/clustering.html?utm_source=chatgpt.com
https://github.com/milaan9/Clustering-Datasets?utm_source=chatgpt.com

o [Ilomepenns oOpoOka TeKCTy (TOKEHI3aIlisl, CTOI-CIIOBA, JICMATH3AIT1s)

« Ilobynosa BektopHoro nonanus (TF-IDF a6o embeddings)

o Ilobynosa moxeni knacudikanii (Hanpukiaa, SVM, RandomForest a6o
MPOCTHUI HEUPOHHUH TTi/IX11T)

o OminroBanHs Mozen (precision, recall, f1-score)

o KopoTkuii 3BIT: sIKi OCHOBHI TPYIHOIIIi, III0 BAAJIOCH.

PexomennoBani Hadopu:

o Cmucok 15+ HabopiB ana kinacudikaii TekctiB. (Innovatiana)
o Penosutopiii niderhoff/nlp-datasets 3 6araTbma KOPUCHUMU pecypcamu.
(GitHub)

IMopanu:

o Moxna oOpaTu 1B1 KaTeropii (Hanpukiaa, MO3UTUB/HEraTUB) abo
MYJIBTHKJIAC.

o OO00B’s13K0BO BiJ100pa3iTh OalaHC KJIacCiB, TOKYMEHTH-«BAXK1» BUIIAIKH.

o Sxio 6axkaete, 3po0iTh MPOCTY HEMPOHHY MepexKy (Hamp., 3 TensorFlow un
PyTorch), ane 1ie He000B I3KOBO.

Jlo JIP 6 (3 roxa.)

3aBnannda 6. Jliniiini Mmoaei B 3agauax IAJ] (iHTeJIeKTyaJIbHOT0 aHAJII3Y
JAAHHX)

Omnuc:

OGepiTh HaOIp JAHUX 13 YUCIOBUMH 3MIHHUMHU Ta/ab0 KaTeropialbHUMH,
peanizyiTe JiHIiHY MOAeIb (TIHIHHY pEerpecito/JoTICTUYHY PErpecito).
Buxkownaiire:

o Jo6ip 3minnux (feature selection)

« IlepeBipky npunyiieHb Mol (HOPMAIbHICTh, MYJIbTUKOJIIHEAPHICTH)

o [IloOGynoBy momeni, iHTEpHIpeTaIio KOeQIIi€HTIB

e OrmHoBa"HsA MOIENI

« [IlopiBHsiiTe 6a30By JiHINHY MOJIENb 13 PO3IMIUPEHOIO (HATIPUKIIA, 3
MOJIIHOMIAJILHUMHU O3HaKamu abo perynsipuzaniero L1/L.2)

IMopanu:

o [IlpamroiiTe 3 HAOOpPOM, JIe KUTBKICTh O3HAK HE JTy’Ke BelrKa (1100
iHTeprpeTaiist Oyia 3p03yMLUION0).

o IIpoBexiTe aHasi3 3aJUIIKIB, MOMIIMBO — rpadiK «CIOCTEPEKYBAHE VS
nependayeHey.

o BHCHOBOK: 41 MOJEIIb IMAXOANUTH, IKI OOMEKEHHS.


https://en.innovatiana.com/post/best-datasets-for-text-classification?utm_source=chatgpt.com
https://github.com/niderhoff/nlp-datasets?utm_source=chatgpt.com

®opmMaTt nojavi Ta BAMOr"

1. Hanicnatu Jupyter Notebook (.ipynb) abGo .py-¢aitn 3 komentapsimu + PDF-
3BIT (2-4 CTOPIHKH).

2. Koa Mae 6yTu untabenbHUM, 13 KOMEHTaApSIMH.

3BIT Ma€ MICTUTHU: TTIOCTAHOBKY 3a/1a4i, OMKC JAHUX, JTOTOBKY, pe3yJIbTaTH,

BHCHOBKH.

4. BukopucTOBYWTE MOCWJIAHHA Ha JIKepesia aHUuX, KOPOTKO OMHUILITh, YOMY
BUOpanu came e Habip.

5. CTyaeHTH MOBUHHI CaMOCTIMHO BUKOHATH aHai3 — HE MMPOCTO CKOMIIOBATH YU
«TIPOTHATHW» YyKUU KOJ.

hat

MeToay HaAaBUAHHS

Metonu HaBYaHHS Ta BUKJIaJaHHS: JIEKIIii, JaO0OpaTOpHI 3aHSTTS, CJICKTPOHHE
HaBUYaHHS 3 BUKOPUCTAaHHSAM cucteMu Moodle, TecTyBaHHs, BUKOHAHHS 3aB/laHb
H/3.

Cucrema KOHTPOJIIO Ta OLiHIOBAHHS

KpurepieM miicyMKOBOTO OL[IHIOBAHHS € IOCATHEHHS CTYA€HTOM MiHIMaJIbHUX
MOPOTOBUX PIBHIB OIIHOK (0aniB) 3a KOXXHHUM IMepen0adyeHUM pe3yIbTaToM
HABYaHHS.

MiHiMaJIbHUI TIOPOTOBHI PIBEHb OLIIHKM BapTO BU3HAYATH 32 JIOMOMOTONO
AKICHUX KpUTEpiiB 1 TpaHCOPMYBATH HOro B MIHIMajibHy MO3UTUBHY OIL[IHKY
BUKOPHUCTOBYBAHO1 YHCIJIOBOT (PEUTUHIOBOT) IIKAJIH.

Cucrema OIlIHIOBaHHSA PIBHS HAaBYAJBHUX JOCATHEHb TIPYHTYEThCS Ha
npuHunax ECTS Ta € Hakonu4yBaJIbHOIO.

CryneHTH MOXKYTh OTpUMYBaTH 3arajiom 10 10 GaxiB mij yac BiJBiTyBaHHS
JEKIIMHUX 3aHAITh 3a MPaBWIbHI BIJAIMOBIAI Ha 3alUTaHHSA JICKTOpPa, aKTHUBHE
00roBOpeHHs OaratoBaplaHTHUX MIAXOMIB JI0 PIIIEHHS MPEACTABICHOI JIEKTOPOM
po0emMu (JJ1s1 aKTHBI3allii MOITYKOBOT Ta JOCIITHOT AsUIBHOCTI CTY/ICHTIB).

[IpoTsiroM ceMecTpy CTyIEHTHM BHUKOHYIOTh 6 JaboparopHux poOit. Koxxna
nabopatopHa poOoTa oIiHIEThCA B 10 OaniB.

3BiT 3 JsabopaTopHOi pPoOOTH, SKHM CTYJEHTHM 3aBaHTAXyIOTh Ha CaWT,

MIOBUHEH MaTH TaKy CTPYKTYpY:

1) daitn y popmati Word, 1o MICTUTh TUTYJIBHUIA apKy1ll (Ha3Ba yHIBEPCUTETY,
dakynpTeTy, Kadeapu, HaBYAIbHOI MUCIMIUIIHMA, XTO BHUKOHAB, XTO TEPEBIPUB,
YepwniBii — 202 ) , Ha3By J1abopaTopHOi poOOTH, YMOBY KOKHOTO 3aBJIaHHSI, KOJI
mporpamMu (HE CKpPIHIIOT), CKPIHIIOTH BUKOHAHHS 3 JIEMOHCTPAIEI0 PIZHHUX
MOJIUBHX, B T.4. 0COOJUBUX, BUTIQJKIB pOOOTH IPOTPaMH;

2) yci ¢aiinu po3poOIeHOTO CTYIEHTOM MPOEKTY, 110 MICTSATh KOJU TIPOTpaM;

3) Bci BuIe3a3HayeHi (ailin apxiByIOThCSI B OJIUH apXiB, Ha3Ba apXiBy Mae
CKJIQIaTUCS 13 TIPI3BHINA CTYACHTA JATHHUIICI0, HOMepa JTadopaTOpHOi Ta HOMepa
BapiaHTy, Hanpukiaa: Ivanenko lab 1 var 21.arj.



VY pa3i HEBUKOHAHHS CTYJEHTAMH BUIIE3a3HAYCHUX MPABUI OQPOPMIICHHS
KUIBKICTh OTPHMaHUX CTYJACHTOM OajiB IpU TEepeBipill Oyae 3HUKYBaTHCS.
SIKIO CTYZIEHT OTpUMAaB CYTTEBI 3ayBa)KEHHS JI0 MPOTPAMHOTO KOy 1 MepepoOuB
mporpamy Ta 3BIT, HAJICIABIIM KWOr0 Ha MOBTOPHE OLIHIOBAHHS, MaKCHMAaJIbHO
MOXJIMBA KUIBKICTh OTPUMaHUX HUM OaiiB Oyjne mnoHaiiMeHiie Ha 1 (oguH) Oan
MEHIIIOI0, HI’)K MaKCUMaJIbHO MOJKJIMBA KUJIbKICTh OalliB 3a 10 POOOTY.

50% OauiB, BiABEICHUX Ha OIliHIOBaHHS JIP, CTy/IeHT OTpUMYy€ 3a Mpalrorounii
IPOrpaMHUI MPOAYKT, B IKOMY peanizoBaHo Bci 3aBaanHs JIP ta opopmiienuii 3BiT.
Pemra 50% 6aiiB BUCTaBISETHCS MICIS 3aXUCTY CTYJIEHTOM BUKOHAHOTO 3BiTy. Ha
3axuCTi 3BITY 3 JIP CTy/ieHT Mae BIMIOBICTH HAa MUTAHHS I10JI0 MTOCTAHOBKHM 3a]1a4l
Ta PO3pOOJICHOTO HHUM aJrOpUTMy peaiizaiii KoxHoro i3 3aBnanb JIP. Ilpu
BIJIMOBI/Ii Ha TEOPETHYHI MWUTAHHA Ta TMHUTAHHS IIOAO MPOTpPaMHOI peaizarii
QITOPUTMY Y BUMAJKY HEICTOTHOT MOMIIKHY 3HIMaeTbest 10-20% 0OariB, a y BUNIAIKy
icrotHoi 20-40% OauiB, SIKILO X CTYJICHT HE OMaHyBaB TEOPETHUUYHHUI MaTepial,
ITYTAETHCA B O3HAYEHHSX, HABOJUTH JIOTTYHO HEBIPHI TBEPHKEHHS, TO 3HIMAETHCS
10 50% OaniB Bij yciei cymu 6aniB 3a JIP.

MakcuManibHa KUTBKICTB, SIKY MOKHA HaOpaTd Ha MiACYMKOBOMY MOIYJIl
(trectyBannsi) — 30 OamiB. TecTyBaHHS TPOBOJAUTHCS 3 BUKOPUCTAHHIM CaMTy
JTUCTAHIIMHOTO HABYAHHS.

[TincymKkoBa OIlIHKa BUCTABIISAEThCS 3a pe3yJibTaTaMu CyMH OajiB, HaOpaHUX
Ha 3MICTOBHX MOJYJSX IiJ 4Yac CEeMecTpy Ta IMiJICYMKOBOMY MOJMYJI 3TiHO 3
HUKYCHABEACHOIO TaOIUIIEIO.

Meromm  ¢GopmyBaHHS  NPOQPECIHHOI  KOMIIETEHTHOCTI:  PO3IMOBI/Ib,
MOSICHEHHS, Oecija, JEeMOHCTpallis, Bi3yalizailis, IUCKycis Tomo. Metoau
dbopMyBaHHS TPAKTUYHUX yMiHb Ta HABUYOK: PO3B’SI3yBaHHA  3ajad
nabopaTopHUX POOIT, BUKOHAHHA 3aBAaHb, pO3poOKa Ta aHaji3 aJrOpUTMIB 1
IPOrPAMHOTO KOJy, 3aXHUCT 3BITIB 3 1a00OpaTOPHUX POOIT.

3aco0amMu OILIIHIOBaHHS Ta JIGMOHCTPYBAaHHS pE3yJIbTaTiB HaBYaHHS €:
CTaHAAPTU30BaHI TECTH; AHAMITHYHI 3BITH 3 JIA0OpATOpHUX pPOOIT;, Mpe3eHTalll
pe3yibTaTiB BUKOHAHUX 3aBIaHb Ta gociimkens IH/3, ycHuit KOHTpOb y BUTIISII
1HUBITyaIbHOTO Ta (DPOHTAIBHOTO OIMUTYBAaHHSA Ha JIEKIISIX Ta JaOOpaTOPHUX
3AHATTSX.

dopmMamMH TOTOYHOTO KOHTPOJIIO € YyCHAa UYMW TNHUChMOBA (TECTyBaHHS,
naboparopsa pooota, IHJ[3) BiAnoBias CTyAeHTA.

dopMOTO TTIICYMKOBOTO KOHTPOJIIO € 3aJTiK.

Kpurepii oniHlOBaHHSI IOTOYHOI0 TA MiACYMKOBOI0 KOHTPOJIIO

Po3noain 6auiB, AKi OTPUMYIOTh CTYACHTH

[TorouHe OliHIOBAHHSA KinbkicTh
— . Cymapna
i . i . BinBimy- OaiiB
3MICTOBUIA MOYJIb 3MICTOBUIA MOYJIb BAHH (MOTyITb- K-Th
Neol No2 Ay OaiiB
3aHATH | KOHTPOJIb)
T1 T2 T3 T4 TS T6 3M1, 3M2
10 | 10 | 10 | 10 10 | 10 10 30 100




HIkana ouinoBanusa: HamioHaabHa Ta EKTC

Ouninka 3a Ouninka 3a mkaaow ECTS
HALIOHAJIBbHOIO . ITosicHenHns 3a
Ouinka (0ann)
MIKAJIOI0 PO3UIMPEHOI0 HIKAJIOI0
Binminno A (90-100) BIZIMIHHO
B (80-89 IyKe 100pe
o0Ope ( ) Y P
C (70-79) nobpe
3ANOBLILHO D (60-69) 3a/10BIIBHO
A E (50-59) JIOCTATHBO
(HE3aI0BIIIBLHO)
FX (35-49) 3 MOKJIMBICTIO TOBTOPHOTO
CKJIaJaHHsA
He3anoBijibHO (He3a/10B1IBHO)
F (1_34) 3 000B’I3KOBUM CaMO.CTII/IHI/IM
OIpanOBaHHAM OCBITHBOI'O
KOMIIOHCHTY 0 IICPCCKIIAaHHA

Ha ominky "BiaMiHHO" 3aciayroBye CTyAEHT, SKH BHUSBUB BCEOI4HI,
CUCTEMAaTUYHI Ta TJIMOOKI 3HAHHSI, 3/IaTHICTh CAMOCTIHHO BUKOHYBATH 3aBJaHHS,
nepeadaveH1 NporpamMmor0, 03HaOMJIEHH 3 OCHOBHOIO 1 J0JJATKOBOIO JIITEPATYPOIO,
PEKOMEH/I0BaHOIO Tporpamoro. Taka oliHKa mependadae TaKOX 3aCBOEHHS
CTYJEHTOM B3a€MO3B'SI3KY OCHOBHUX MOHATH JUCLUIUIIHA Ta iX 3HAUYEHHS JUIs
HaOyTO1 mpodecii.

OrmiHky "moOpe" cTaBiIsATh CTYIEHTOBI, SIKWW 3aCBOiB HABYAJILHO-TIPOTPAMOBUN
MaTepian y moBHOMY 00Cs31, YCIIIITHO BUKOHYE€ Mepe10avyeHi MporpamMoro 3aBIaHHs,
OTIPAIfIOBaB OCHOBHY JIITEPaATypy, PEKOMEHIOBaHY TPOTPaMor0, TOOTO CTYACHTOBI,
AKUM 3aCBITYMB CUCTEMAaTUYHUM XapakTep 3HaHb 13 JUCLUMIUIIHU 1 3JATHUH JO iX
CaMOCTIITHOTO MONMOBHEHHS i1 OHOBJIEHHS Y MPOLEC MOIAIbII0I HaBYaIbHOI pOOOTH
1 mpoeciitHOT TIATBHOCTI.

Ha ouinky "3a10BUTbHO" 3aCITyTOBY€E CTYIEHT, SKUI BUSIBUB 3HAHHSI OCHOBHOTO
HaBYAJIBHOTO MaTepialy B 00Cs31, HEOOXIAHOMY JJii TOJAJIBIIOr0 HABYAHHS 1
MalOyTHBOI poOOTH 3a mpodeciero, 3MaTHUN BUKOHYBATH 3aBJaHHS, Mepea0aveHi
OporpaMor0, O3HaWOMJIGHHH 3 OCHOBHOIO JITEpaTypol0, PEKOMEHIOBAHOIO
porpaMoro. Sk mpaBuIo, 0 OLIHKY BUCTABJISIIOTh CTYJECHTaM, SIKi MIPUITYCTHIIACS
OTpIXiB Yy BIAMOBIZI Ha ICIHTI Ta MPH BUKOHAHHI €K3aMCHAIIIMHUX 3aBJaHb, aje
MPOJEMOHCTPYBAJIN CIIPOMOXKHICTh YCYHYTH iX.

Or1iHKy "HE3aI0BIILHO" CTABIATH CTYACHTOBI, Y 3HAHHSIX SKOTO € MPOTAJNHHU,
SKUW TIPUMYCTUBCS TPHUHIIMIOBUX TMOMUJIOK Y BHUKOHAaHHI Tepea0aveHnx
OpOrpaMor0 3aBJiaHb, TOOTO CTYAEHTOBI, SKMM HECHPOMOXHHU MPOJOBKUTH
HABYaHHS YU NPUCTYNUTU 10 MPodeciiHOl TISTbHOCTI MICHS 3aKIHYEHHS BHUILOTO
HABYAJILHOTO 3aKjIaay 0€e3 10JaTKOBHUX 3aHATH 3 BIAMOBIAHOT AUCITUTLIIHHU.



IlepeJiik NMTaHB A1 CAMOKOHTPOJIIO TA MiICYMKOBOI0
KOHTPOJII0 HABYAJIbHHUX JOCSATHEHb CTYACHTIB

1. MaremaTnuHe MOCIIOBAHHS Ta aHaI3 JaHWX MPOTPAMHHMH 3aco0aMu
Python (NumPy, Matplotlib).

2. Meroau ta 3aco0u Bi3yaiizallii pe3yJbTaTiB aHaJI3y JAaHUX MPOrPaMHUMU

3acobamu Python (Matplotlib, Plotly).

Metoau Ta 3aco00U CTaTUCTUYHOTO aHai3y JaHuxX y 616mioremi SciPy.

HapuyanpHi HabopH TaHKUX JJIS IHTEJIEKTYaJIbHOTO aHaJI3y JaHUX.

ExcruopariitHuit aHasi3 1aHuX.

O6poOka Ta miAroTOBKA JaHUX.

MonenroBanHs Kaacu(ikariii.

MopemntoBaHHs perpecii.

9. KnacrepHuii ananis.

10.BukopucTanHs alropuTMiB acolllaTUBHOTO aHaTI3y.

11.Bukopuctanns 0616motex Scikit-learn, TensorFlow ta PyTorch mua
CTBOPCHHS Ta HABYAHHS HEHPOHHUX MEPEK.

12.BukopuctanHsi METOJIIB OOpOOKM TEKCTIB JJIsl aHamidy Ta Kiacudikarii
JTOKYMCHTIB.

13.JliniiiHI MOJIeNl B 3aa49aX 1HTEJICKTYyaIbHOTO aHaJIi3y JIaHHX.

14.Metou BU3HAUCHHS IKOCTI MaTEMaTUYHUX MOJICIICH.

15.AacambiieBi MaTeMaTHYHI MOJIEI.

XN B W

3apaxyBaHHs pe3yJbTaTiB HePOPMAIBLHOI OCBITH

3apaxyBaHHS  pe3yibTaTiB  He(pOpMaibHOI  OCBITH  MHPOBOJAUTHCA Y
BianoBiHOCTI A0 "llopsinky Bu3HaHHS Yy UYepHIBENbKOMY HalllOHATBHOMY
yHiBepcuteTi iMeH1 FOpisa @eapkoBUYa pe3ybTaTiB HaABYAHHS, 3J00yTHUX HUISIXOM
HedopmanbHOi Ta/abo 1HpopMaiibHOI OcBITH" (3aTBepakeHo Buenoro pagoro YHHY
npotokoi Ne 16 Big 25 mucronana 2024 p.)

https://www.chnu.edu.ua/media/4g5fzssb/poriadok-vyznannia-rezultativ-
navchannia-zdobutykh-shliakhom-neformalnoi-ta-abo-informalnoi-osvity.pdf.

PexoMeng0oBaHa JiTeparypa
OcHoBHA

1. Cranmapt BUIIOI OCBITM YKpaiHu mnepumil (O6akanaBpChbKWii) pIBEHb, Taiy3b
3HaHb 12 — [HpopMaliitHi TeXHOIOTIi, crienianbHicTh 122 — KoMmm'toTepHi HayKu

// 3aTBEpIKEHO 1 BBEJICHO B 110 HaKa30M MIiHICTEPCTBA OCBITH 1 HAYKH YKpaiHU
Bix 10.07.2019 p. Ne 962.—23 c.


https://www.chnu.edu.ua/media/4g5fzssb/poriadok-vyznannia-rezultativ-navchannia-zdobutykh-shliakhom-neformalnoi-ta-abo-informalnoi-osvity.pdf
https://www.chnu.edu.ua/media/4g5fzssb/poriadok-vyznannia-rezultativ-navchannia-zdobutykh-shliakhom-neformalnoi-ta-abo-informalnoi-osvity.pdf

https://mon.gov.ua/storage/app/uploads/public/5d5/aa2/f2d /5d5aa2f2db1bb22

2.

2307639.pdf
KOpuenko I.B. DataMining 3 Bukopuctansasm Python. Hapuansuuii mociOHHMK.—

YepHnirti: YepHiBenbkuii HamioHaIbHUN YHIBepcuTeT iMeHi FOpis deapkoBuya,
2024.— 143 c.

https://archer.chnu.edu.ua/xmlui/handle/123456789/10067

3.

[HTENneKTyanpHUM aHaTI3 JaHUX Ta MamMHHE HaBuaHHsA. YactuHa 1. ba3osi
MeTOu Ta 3acobu aHamizy nanux / f. B. IBanuyk, B. I. Mectopa, A. A. SpoBuii,
O. JI. ManxineBcokuii — Binaums : BHTY, 2021. — 69 c. ISBN 978-966-641-874-
9

. SAcuncekuii B.K., FOpuenko [.B. Ilpuknaguuii craTucTUIHUN aHami3. MeToau4H1

pekoMeHalii 1o nabopatopHux poo6iT.— YepHnisii: Pyta, 2008.— 84 c.

. FOpuenko [.B. Ilpuknagauili CTaTUCTUYHUI aHaii3 3 BUKOpUCTaHHSAM Python.—

UYepnisui: Texnonpyk, 2021.— 102 c.

. Jake VanderPlas. Python Data Science Handbook. Essential Tools for Working

with Data.— Beijing, Boston, Farnham, Tokyo: O’Reilly Media, Inc, 2016.— 576
p.— ISBN: 9-781-491-912-058.

. Davy Cielen, Arno D.B. Meysman, Mohamed Ali. Introducing data science:

BigData, Machine Learning, and more, using Python tools.— New York: Manning
Publications Co, Shelter Island, 2016.— 322 p.— ISBN: 9-781-633-430-037.

. bibmoreka Scikit-learn moBu Python [EnekTponnuii pecypc]. Jkxepeno nocrymny:

https://scikit-learn.org/stable/

. Scikit-learn —  Biki  [Enexktponnuit  pecypc].  Hxepenmo  mocrtymy:

https://uk.upwiki.one/wiki/Scikit-learn

JlonomizkHa

. llleBuenko O.B. MeTtonu 00poOKH BETUKUX MAaCHBIB JaHUX B MAKETHOMY PEKUMI

// Marictepcbka amcepTallis Ha 3100yTTS CTyINEHsS Marictpa 3a OCBITHBO-
npodeciitHoro mporpamoro «lHTeNneKkTyaabHI CEepBIC-OPIEHTOBAHI PO3MOIICHI
oOuucitoBanHs» 31 cnemianbHocTi 122 «Komm'totepHi Haykw».— Kuis:
HauionansHuii TexHiuHMi yHiBepcuTeT YKpainu "KWiBCbKME TOJITEXHIYHUHN
iHcTUTyT IMeHi Iropst Cikoperkoro”, 2020.— 101 c.

. I'ynynsax [.B. 3actocyBaHHS METOIB MPOEKTYBAHHS O3HAK Ta KJacTepu3allii Jis

MaIllMHHOTO HaB4YaHHs // JlumiomHa poOoTa Ha 3100yTTsS CTyIEHs Marictpa 3a
OCBITHBOIO Mporpamoro "[HdopmariiiHi TEXHOJIOT1T Ta yIpaBIiHHS MPOeEKTamMu'" 31
cnemianpHocTi 122 "Komm'totepni  Hayku".— UYepHiBui: UepHiBenpKHii
HallloHaJIBHUH yHIBepcuTeT iMeHi FOpis @eapkoBuya, 2022.— 85 c.

Indopmauniiini pecypcu

http://moodle.chnu.edu.ua
https://matplotlib.org/
https://plotly.com/
https:/numpy.org/



https://mon.gov.ua/storage/app/uploads/public/5d5/aa2/f2d/5d5aa2f2db1bb222307639.pdf
https://mon.gov.ua/storage/app/uploads/public/5d5/aa2/f2d/5d5aa2f2db1bb222307639.pdf
https://archer.chnu.edu.ua/xmlui/handle/123456789/10067
https://scikit-learn.org/stable/
https://uk.upwiki.one/wiki/Scikit-learn
http://moodle.chnu.edu.ua/
https://matplotlib.org/
https://plotly.com/
https://numpy.org/

https://scipy.org/
https://scikit-learn.org/stable/

HoaiTnka akageMivHOi 100poYecHOCTI
JloTpyMaHHS TOJITAKK IMOJ0 aKaJeMIYHOi JOOpOYECHOCTI yYacHUKAMHU
OCBITHBOT'O TIPOIIECY MPH BHUBYECHHI OCBITHBROTO KOMIIOHEHTa pPErIaMEeHTOBAHO
YUHHUMU JToKyMeHTamu YHY:

e "Komekc akameMiyHOi  JOOpPOYECHOCTI Ta  €TUKM  YepHIBEUBKOTO
HAI[IOHAJIEHOTO YHIBEPCUTETY iMeHi1 Opis ®denpkoBuya"
https://www.chnu.edu.ua/universytet/normatyvni-dokumenty/kodeks-
akademichnoi-dobrochesnosti-ta-etyky-chernivetskoho-natsionalnoho-
universytetu-imeni-yuriia-fedkovycha/

e '"l[lomoxkeHHsS TpPO BHUSABJICHHS Ta 3amo0IraHHS aKaJeMIYHOro IuIariaty y
YepHiBellbkoMy HallloHaIbHOMY yHiBepcuTeTi iMmeHi FOpis denpkoBuua"
https://www.chnu.edu.ua/universytet/normatyvni-dokumenty/polozhennia-
pro-vyiavlennia-ta-zapobihannia-akademichnomu-plahiatu-u-
chernivetskomu-natsionalnomu-universyteti-imeni-yuriia-fedkovycha/

e "[lomTHKa BHUKOPHCTAHHS IUTYYHOIO IHTENEKTY B YepHIBELbKOMY
HalllOHAJIBHOMY YHIBEPCUTETI IMeH1 HOpis ®eapkoBuya"
https://www.chnu.edu.ua/universytet/normatyvni-dokumenty/polityka-
vykorystannia-shtuchnoho-intelektu-v-chernivetskomu-natsionalnomu-
universyteti-imeni-yurlia-fedkovycha-zi-zminamy-zatverdzhenymy-
vchenoiu-radoiu-chnu-imeni-yuriia-fedkovycha/

Buxopucranns 3100yBayaMu OCBiTH iHCTPYMEHTIB IUNTYYHOI0 iHTEJIEKTY
(IIT) mix yac BUKOHAHHS HABYAJIbHUX 3aBJIAHb:

® OJonyckaemvcsi 32 YMOBH  JOTPUMaHHS  NPUHIMIIB  aKaJeMIYHOI
no0podecHOCTI (3M00yBay OCBITM HeEcCe BIAMOBIAAIBHICTH 3a 3MICT,
JIOCTOBIPHICTh 1 Pe3yJIbTaTH MOAAHOI poOOTH, a y pa3l BukopuctaHHs I
3000B’s13aHUM 3a3HaYUTH (KT 1 CIIOCIO Oro 3aCTOCYBAHHS);

e ne donyckaecmobca Bukopuctanus Il sk 3amiHM caMOCTIHHOTO BUKOHAHHS
3aBAaHb 200 3 METOIO MOPYIIECHHSI BUMOT aKaJeMIqHOi TOOPOYECHOCTI;

® OJoodamkosi obdomedcenns yu eumoeu moao Buxopuctanus Il moorcymo
BU3HauYamucs BUKIAAA4eM B OCBITHHOMY IPOIIECI JIJIi KOHKPETHHX BHJIIB
HaBYaJIbHOI MISUTBHOCTI BIJIMOBITHO 10 OCOOJIMBOCTEH TUCITUTIIIIHY.

3100yBau 3000B’s13aHUN CBOEYACHO Ta SIKICHO BUKOHYBAaTHM BCl OTpUMaH1
3aBAaHHS; 3a HEOOXIJHICTIO 3 METOI0 3’SICYBaHHS BCIX HE3pPO3yMUIMX IIiJl 4ac
CaMOCTIMHOI Ta 1HJIMBIAYyaJdbHOI pPOOOTHM THUTaHb, BIJBIAYBATH KOHCYJbTAIll
BUKJIa/laya.

CkrnagaHHs/TepecKiiajaHHsl  €K3aMEHIB BIJIOyBa€TbCsl 3a BCTAHOBJICHUM
JI€KaHATOM PO3KJIaJIOM.
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